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Abstract—This research focuses on identifying a new 
implementation of a machine learning approach for Non-
intrusive load monitoring (NILM). We mathematically 
superimpose current profiles of individual appliances and 
compare against the actual combinational current profiles. This 
simple yet effective method is tested on combinations of 6 
household devices in a typical low voltage residential 
installation and the high accuracy of correct identification 
confirms the proposed method is feasible. The proposed method 
eases the burden of the training phase which is considered as an 
inherent limitation of all supervised deep learning NILM 
models. We deploy the method on a Raspberry Pi 3 providing a 
solution to increase the scalability of NILM 

Keywords— Power signature analysis, Machine learning, 
NILM, Load identification 

I. INTRODUCTION 

The world is facing a challenging situation in meeting the 
energy demand due to the gradual depletion of fossil fuel 
reserves and increased threat on global warming caused by 
emissions. Research indicates that if the households can 
intelligently organize the usage of appliances in the house 
that would reduce the energy consumption by about 5% to 
15% [1]. 

Secondly Demand Side Management (DSM) programs 
which apply more efficient Demand Response (DR) schemes 
to a power grid can play a significant role in bringing down 
the peak demand, thus reducing the capacity cost of the 
system. However, an average resident does not have 
sufficient expertise to keep detailed records of all of the 
electrical parameters. 

Both these cases require the total energy consumption of 
a household to be disintegrated into device specific energy 
consumption allowing customers to make substantial savings 
in electricity consumption as well as allowing the 
Distribution System Operators (DSOs) to make decisions on 
activity basis (e.g. cleaning or cooking) and convert 
consumers to become more active elements of the Smart 
Grid [2]. 

Out of the load disaggregation schemes, the most feasible 
option appears to be Non-Intrusive Load Monitoring (NILM) 
where load measurements are performed by a single 
metering device installed at the main feeding panel [3] and 
not at the appliance or at each socket [4]. 

The topic of NILM has been widely discussed for more 
than three decades starting from G.W. Hart [3] considering 
only the active power. An appliance turning ON or OFF 
is 

detected when the difference in the power consumption 
exceeds a predefined threshold. The shortcoming is that the 
method can only be used to disaggregate ON/OFF state 
appliances and cannot distinguish appliances with similar 
active power. Later in research by combining reactive power 
and active power such devices were also identified. Further it 
failed to identify appliance in which the power rating is 
below 150W. Followed by this research NILM branched out 
primarily according to the frequency range of measurement 
a) Low frequency (1Hz or below) b) mid frequency (kHz
range) c) high frequency (MHz range) [5].

A complete new high frequency feature is introduced by 
Patel et al with the examination of the noise of the voltage 
signal [6] [7].Studying these electromagnetic interferences 
(EMI) need high frequency signal acquisition and such 
measuring devices in a domestic setting are too costly and 
prone to error. Superimposing of EMI signals, effect of 
nearby houses and effect of radio signal interferences for the 
measurement have not yet been determined. In contrast, mid 
frequency provides the best compromise between the cost 
and the accuracy. In mid frequency NILM, event based and 
eventless methods are proposed [5]. However, these event 
based methods suffer from high complexity in event 
detection. Computational intensity in labeling the actual 
combination and further complex device clustering imposes 
a bottleneck in deploying these methods in an embedded 
platform in real time. In contrast, using machine learning 
methods to eventless NILM has been identified as an 
efficient way and the latest trend. 

Keeping the first step towards implementing NILM in an 
embedded platform A.K Jain [8] has proposed a current peak 
based simplified method but it has not been successfully 
tested for real time load disintegration and establishing the 
ground truth for the supervised learning in a practical 
household has not been revealed. The closest inspiration to 
this paper is found in the work of E. P. Loukas et al who has 
successfully used a machine learning approach and proven 
that higher harmonic current features in the FFT domain 
make the device combinational classification accuracies 
higher [2]. Attempting to extend the concept to a separate 
new house this paper has reported a declining accuracy. Thus 
generalizing the concept for exponentially increasing number 
of combinations and multiple houses still remains arguable. 
Following that research we built the hypothesis that the 
harmonic features visible in FFT domain should be visible in 
time domain signals and linear combinations of time domain 
signals can artificially create a large enough dataset with all 
possible combinations to successfully train a supervised deep 
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learning modal resulting a practically implementable solution 
for NILM. The originality of this research remains with 
mathematically superimposing the current profiles of 
individual devices to create the combinational waveforms 
and validating the similarity, randomizing the capture 
window of the steady state current profiles of individual 
devices to generate a larger training dataset, validating the 
deep learning model with experimental data and deploying 
the deep learning modal in an embedded system, allowing to 
identify device combinations real time, finally achieving 
benchmark accuracies in comparison to the results in [2] 
using the same deep learning library. 

II. MEASUREMENT

Fig. 1. Measurement harware setup 

All data in this work has been recorded by measurements 
via a customized measurement set-up as shown in Fig.1 in a 
LV residential installation of supply frequency 50Hz and 
230V. This consists of a current transformer (measuring 
range ±10A with accuracy ±1%,). Digital conversion of the 
current transformer output is through, ADE7880 energy 
measurement chip from which the full range signal 
corresponding to 3.53A is divided into 23 bit allowing the 
sensitivity to be 50μA. This data is read through a Raspberry 
pi 3 at 3kHz allowing to capture up to 50th harmonics as for 
the Nyquist theorem. Four hundred data points are acquired 
in the steady state for duration of 133ms allowing the 
frequency domain resolution to be 7.5Hz.  For the purpose of 
validating the method we used data from Pico scope model 
3204A (range ±2V per division).  

III. MODELING

For the purpose of illustrating the methodology in 
obtaining the superimposed waveforms, the normalized 
amplitude measurement in time domain is modeled by the 

notation Dk
q.

Dk
q r →k - Device number(1-n)  

     q - Capture window  
 r - {Data point number 1-400 } 

Fig. 2. Naming convention for the device combinations 

As shown in Fig. 2 let D denote a device and k is the 
device number.  

Dk
∀ q → 

Fig. 3. Steady state current profile of a monitor. 

Dk
q →

Fig. 4. Graphical representation of the random capture window of the 
steady state current profile.  

Dk
q  is a random capture window triggered at zero

crossing  (Fig. 3) from the steady state current profile 
Dk

∀ q (Fig. 2) of the kth device. Thus r denotes a momentary, 
relative time instance in q. The captured window q contains 
400 data points belonging to the kth device that can be 
represented in a matrix as shown in (1) 

Dk
q= D1

q 1    D1
q 2    D1

q 3  ……  D1
q 400 1×400  (1)

Assuming that the house has n number of devices, a 
collection of (1) with randomized q, is represented by D as 
shown in (2). 

D = D1
q   D2

q   D3
q  …………….… Dn

q

1×n
   (2)

As shown in (3), a binary matrix which denotes the 
ON/OFF state of the device mix at a certain instance is 
represented by S. If the kth appliance is ON Sk=1 otherwise Sk 
= 0. 
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  20      21   ... 2n

S= S1  S2  S3  …….Sk …….Sn 1×n   (3) 

 is defined by converting the consecutive decimal 
numbers from 1 to 2n -1 to binary and represented as shown 
in (4) where n is the number of devices. 

α=

1 0 .
0 1 .
1.
.
1

1.
.
1

..

.

.

0
0
0.
.
1

n× 2n-1

←              1
←              2
←              3.

.
←        (2n-1)

   (4) 

Let i & j denote rows and columns of a matrix 
respectively. Equation (5) is a representation of a row in  
being equal to an instantaneous device combination S. Thus 
allowing α to contain all possible combinations of devices. 

S=[αi
1   αi

2   .  .  αi
j   .   αi

n-1   αi
n ]

1×n
   (5) 

The combination waveform is obtained as shown in (6). 

C=D α T 

= D1
q  D2

q   D3
q … 

1 × n

α1
1 .

α1
2 .
.
α1

j .
.

α1
2n-1

.
αi

j

.

.

αn
1

αn
2

.

.

αn
2n-1

2n-1 ×n

 (6) 

= Dj
q .α1

j
n

j=1

Dj
q .α2

j
n

j=1

       …..      Dj
q .αn

j
n

j=1

  
 If U is the number of random D matrices we make, let L 
(7) be a multi-label dataset consisting U x 2n-1  multi-label
examples where Xi (8) considered as the features and Yi (9) 
as labels. 

L= Xi,Yi i=1
U x 2n-1     (7) 

Xi= C T
i   (8) 

Yi= αi   (9) 

During the training phase we build function h:X→Y & 
we obtain the prediction Zi:  

Zi=h(Xi)  (10) 

During the validation we compare with the corresponding 
Yi(9). 

Extending the time domain analysis into the frequency 
domain the Fast Fourier transform is utilized to convert Xi 
into f(Xi) and converted values are used in deep learning as 
features.  

IV. DATA SET

In building the dataset according to the proposed 
methodology, n=5 and n=6 cases taken into consideration out 
of the following devices shown in the Table I. 

During the scope of the research, only one state out of 
multistate devices has been considered in defining the device 
mix. The selection of devices was based on covering all
types of typical household devices, less than 150W power
rating and for the purpose of comparing with results from
[2].

TABLE I.  SUMMARY OF THE RECORDED DEVICES 

Device 
Power 
Rating 

State Type 

CFL bulb 
17.6W 
PF - 0.9159 

ON/OFF state 
Electronic 
ballasts 

Fan 
18.34W 
PF-0.5869 

Multi state (SP1, 
SP2,Off) 

Inductive 
load 

Monitor 
15.05 W 
PF - 0.9794 

Multi state 
(Displaying, Stand 
by, OFF) 

Switch mode 
power supply 

Laptop 
42.1 W 
PF - 0.9952 

Multi state  
(charging 
/Idling/Off) 

Switch mode 
power supply 

Heater 
34.13 W 
PF - 1 

ON/OFF state 
Pure 
Resistive 

Phone 
8.09W 
PF - 0.9929 

ON/OFF state 
Switch mode 
power supply 

Hair Dryer 
104.7W 
PF-1 

Multi state 
(SP1/SP2/SP3 
/OFF) 

Pure 
Resistive 

Prior to the training phase, data preprocessing was 
done by mathematically combining the waveforms of five 
devices. We repeat (2) for 1200 randomized D matrices. 
Thus U=1200 means that for any given combination, the 
dataset includes 1200 samples. This dataset is uploaded and 
available online [9]. Size is selected based on the best 
performance accuracies in a 70%-30% train-test split 
validation and also to maintain the computational time to the 
minimum. A multi-dimensional matrix of 1200x31 is being 
used as a feature matrix (8) of the deep learning model and 
corresponding ON/OFF state combinations used as labels 
(9). For validating purposes of the deep learning modal, we 
capture 120 samples each, of the actual combinations using 
the measurement setup and label them with their actual 
combination manually and create a validation dataset.  

Fig. 5. Design Architecture 

 The entire functionality and the implementation of the 
proposed method for a practical household could be 
elaborated as shown in Fig. 5 

 As shown in Fig. 6 the measuring device generates 
device specific steady state current signatures and the dataset 
is captured with a trigger at zero crossing. The addition of 
the two waveforms in Fig. 6 is the resultant superimposed 
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current waveform illustrated in Fig. 7. The actual 
combinational waveform is also plotted in the same axis 
which signifies the similarity of the two signals and thus 
provides a visual interpretation of the feasibility of the 
proposed method of superimposing. In the Fig. 8 the cross 
correlation between the actual waveform data and the 
mathematically combined waveform data of the monitor and 
heater is presented. The R2 value of 0.93 confirms that the 
data is nearly equal. 

Fig. 6. Waveforms of devices obtained from the measurement setup 

Fig. 7. Actual and superimposed waveform of Monitor and Heater 
combined 

Fig. 8. Crosscorellation between actual and superimposed data 

Further examining the Fig. 8 it is evident that the non-
uniform sampling of the measuring device and the frequency 
fluctuations of the supply current imposes a shift in the time 

domain waveform thus acquiring the waveform for longer 
time duration and superimposing the waveform can lead into 
errors. This can be identified as the reason for the 
hypothetical base of converting the signal to the frequency 
domain expecting a higher accuracy. 

V. MACHINE LEARNING

This research is based on a multi label classification. The 
dataset is used with the scikit-multilearn library [10] and 
using the standard evaluation matrices results were obtained. 
There are two main methods for tackling a multi-label 
classification which can be identified as problem 
transformation method and algorithm adaptation method. 
Both these methods are tested with the experimental data.  

Problem transformation methods transform the multi-
label problem into a set of binary classification problems, 
which can then be handled using single-class classifiers. This 
method resulted a higher computation time whereas 
algorithm adaptation methods adapt the algorithms to 
directly perform multi-label classification. In our current 
study we tested seven different standard binary classifiers 
namely Logistic Regression, Random Forest, Stochastic 
Gradient Descent, Naive Bayes, K-Nearest Neighbor, 
Support Vector Machines, Decision Trees.  

The binary classifier which resulted the fastest 
computation of 15 seconds and best classification is 
identified as Binary Relevance K nearest neighbors’ 
classifier and results are presented below. Following are brief 
explanation on the tested models with use of the Sci-kit multi 
learn library [10]  

A. Binary Relevance Schemes

This can be identified as the simplest among all the
schemes. As explained above, the original problem is 
decomposed into N no of sub-classifiers. These classifiers 
will individually produce 0 or 1 in output binary string for a 
data instance 

B. Classifier Chain  Schemes

Sometimes, class labels are interdependent. Just like
Binary Relevance, the first N no of response variables for 
each class will be created. The output of one response 
variable for a sub-classifier will be used as an extra feature in 
the next sub-classifier. 

The output from each classifier will be captured like the 
Binary Relevance Scheme and will determine class labels at 
the end. 

C. Label Power-set Schemes

The fundamental concept of the Binary Relevance &
Classifier chain is more or less the same. Label power-set 
works in a different way. It considers each combination of 
labels in the training dataset as a separate label. In general, a 
class-space of dimension N, there can be 2ᴺ no of total 
possible label combinations. It does not decompose into any 
sub problems, but it directly predicts the combination of 
class labels as a whole. 

VI. EVALUATION MATRICS

In traditional classification such as multi-class problems, 
accuracy is the most common evaluation criteria. 
Additionally, there exists a set of standard evaluation metrics 
that includes precision, recall, F-measure, and ROC area 
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defined for single label multi-class classification problems 
[11]. However, in multi-label classification, predictions for 
an instance is a set of labels and, therefore, the prediction can 
be fully correct, partially correct (with different levels of 
correctness) or fully incorrect. None of these existing 
evaluation metrics capture such notion in their original form. 
This makes evaluation of a multi-label classifier more 
challenging than the evaluation of a single label classifier. 
Following matrices are defined to overcome the notion of 
partial correctness. 

A. Exact Match Ratio (MR)

 Evaluation of a multi-label classification algorithm is
difficult mostly because multi-label prediction has an 
additional notion of being partially correct. One trivial way 
around would be just to ignore partially correct (consider 
them as incorrect) and extend the accuracy used in a single 
label case for multi-label prediction. This is called the Exact 
Match Ratio. 

Exact Match Ratio, MR= 1

n
∑ I Yi=Zi

n
i=1      (11) 

Where,  is the indicator function. While  represents 
the labels as described in (9)  represents the predicted 
labels (11). A disadvantage of this measure is that it does not 
distinguish between completely incorrect and partially 
correct result which might be considered as harsh. In order to 
account for partial correctness, Godbole et in [12] proposed a 
new set of definitions for accuracy, precision, recall, and F1 
measure. As in single label multi-class classification, the 
higher the value of accuracy, precision, recall and F1- score, 
the better the performance of the learning algorithm. 

B. Hamming Loss (HL)

Hamming Loss reports how many times on average, the
relevance of an example to a class label is incorrectly 
predicted. Therefore, hamming loss takes into account the 
prediction error (an incorrect label is predicted) and the 
missing error (a relevant label not predicted), normalized 
over total number of classes and total number of examples 

Hamming Loss, HL 

=
1

n(2n-1)u
∑ ∑ I l∈Zi∩l∉Yi +I(l∉Zi∩l∈Yi)

n
n=1

(2n-1)u
i=1  (12) 

Where  is the indicator function. Ideally, we would 
expect hamming loss, HL = 0, which would imply no error; 
practically the smaller the value of hamming loss, the better 
the performance of the learning algorithm [13]. 

Label based measures evaluate each label separately and 
then averages over all labels. Therefore, any known measure, 
used for evaluation of a binary classifier (e.g. accuracy, 
precision, recall, F1, ROC etc.), can be used here. Any of 
these scores can be computed on individual class labels first 
and then averaged over all classes. In contrast, they can be 
computed globally over all instances and all class labels. The 
first one is called macro averaging and the second one is 
called micro averaging [14]. It is important to note here that 
by definition, macro averaged F1 would be more affected by 
the performance of the classes which has fewer examples 
and in contrast, micro averaged F1 would be more affected 
by the performance of the classes which has more examples 

[15]. But during this research for all combinations we use 
1200 examples thus the number of examples are balanced for 
all classes making the accuracies better 

VII. RESULTS AND DISCUSSION

 The overall accuracy and the hamming loss obtained for 
each device combination through the BrKNN model is as 
shown in Table II. The prediction time represents timing 
after the deep learning modal is trained completely, the time 
taken to capture an instantaneous waveform, pre-process it 
and predict the combination. 

TABLE II. TESTED DEVICE COMBINATION, CORRESPONDING 

ACCURACY MATRICES AND RESPONSE TIMES 

Device combination 
Exact 
match 
ratio 

Hamming 
loss 

Prediction 
Time 

CFL bulb + Monitor + 
Laptop + Heater + Phone 

84.82% 0.034 14.8(s) 

CFL bulb + Monitor + 
Laptop + Heater + fan 

96.61% 0.0087 15(s) 

CFL bulb + hair dryer + 
Laptop + Heater + Phone 

76.58% 0.046 15.4(s) 

CFL bulb + Monitor + 
Laptop + Heater + Phone + 
fan 

70.39% 0.083 15.8(s) 

CFL bulb + Monitor + 
Laptop + Heater + Hair 
dryer + fan 

80.3% 0.003 15.5(s) 

Fig. 9. Percentage identification accuracies of the individual devices 

As illustrated from Fig. 9 the relatively high number of 
incorrect identifications of the phone denotes the range of 
measuring in the measuring device imposes a significant 
impact on the device disintegration. The results summary of 
[2] is included in Table III. In comparison with Table IV
which represents the overall precession, recall and F1 scores
of our research, showcases a significant improvement.
Bearing in mind that the same deep learning library has been
used and the number of devices is being increased up to six,
using real time, 3kHz sampling data, as opposed to 50kHz
non real time data and commercial software for analyzing
waveforms it is safer to claim our approach has comfortably
outnumbered the performance of [2]. 

 To analyze the effect of extended measuring range and 
effect of high-power devices in the product mix the results in 
Table II for device combinations 2 and 3 could be compared. 
The phone results in a low accuracy whereas when replaced 
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by a fan increases the accuracy. This increase in accuracy 
can be attributed to the existence of a significant feature in 
the measuring range due to the higher amplitude of the 
current consumption of the fan. By adding more devices, the 
time taken for training phase increases which is expected due 
to exponentially increasing number of combinations but the 
accuracies remain better as long as all the current signatures 
are noticeable in the measuring range. Further prediction 
times are not affected drastically and still remain in average 
range of 15 seconds even at a limited computation power of 
a Raspberry pi 3 and prediction time does not display any 
significant pattern relative to the device combination. 

TABLE III. SUMMARY OF A MACHINE LEARNING APPROACH FOR 

NILM BASED ON ODD HARMONIC CURRENT VECTORS [2] 

Device combination  
Value 

Precision Recall F1-score 

TV with DVD + Laptop 0.667 0.999 0.800 

TV with DVD + Laptop + 
Hairdryer 

0.851 0.845 0.847 

TABLE IV.  RESULTS OBTAINED FROM THE PROPOSED METHOD 

Device combination 
Value 

Precision Recall F1-score 

CFL bulb + Monitor + Laptop 
+ Heater + Phone (macro
avaraged) 

0.97 0.96 0.97

CFL bulb + Monitor + Laptop 
+ Heater + Phone 
(micro avereged) 

0.97 0.95 0.96

TABLE V.  COMPARISON OF ACCURACY IN FREQUENCY AND 
TIME DOMAIN FOR COMBINATION 1  IN TABLE 1.    

 For the purpose of evaluating the deep learning modal we 
trained for all combinations manually, the time domain data 
gave accuracy close to 95% for all combinations which again 
is a better performance than [2]. Those results are elaborated 
in the Table V. When the proposed method of superimposing 
waveforms also converted to FFT domain the accuracies 
increased slightly confirming that better results can be 
obtained by extending the proposed method into the 
frequency domain.  

VIII. CONCLUSIONS 

This paper concludes that superimposed device signatures 
can provide accurate predictions for the combined device 
signatures and thus be a successful NILM method and it can 
be successfully deployed in an embed platform. Proving the 
significance of this method when the data of 5 devices given 
into the scikit multi-learn  machine learning library, based on 
a Multi label classification BrKNN it has recorded an overall 
highest accuracy of 96% . However, it is evident the range of 
the measuring device and the device combination in 
consideration as well as the frequency of the measurement 

imposes a significant impact in device identification. 
Comparing with the results of [2] proposed method is a 
significant improvement. Measurements performed on a LV 
installation and an overall classification accuracy over 70% 
has been obtained for 6 devices thus it confirms that this is 
extendable to a higher number of devices. The frequency 
domain analysis improves the accuracies slightly due to the 
fact that it reduces the impact of sampling errors and zero 
crossing detection errors.  In conclusion it is safe to admit 
that superimposed current signatures lead to a very 
successful load disintegration scheme and could be deployed 
on an embedded platform which will predict the results real 
time under 15 seconds. 

REFERENCES  

[1] S. Darby,”The effectiveness of feedback on energy consuption:A
Review for DEFRA of the Literature on Metering, Billing and Direct
Displays,” Environmental Change Institute, University of Oxford,
Oxford 2006. 

[2] E. P. Loukas et al., "A Machine Learning Approach for NILM based
on Odd Harmonic Current Vectors," 2019 8th International
Conference on Modern Power Systems (MPS), Cluj Napoca, Romania,
2019, pp. 1-6, doi: 10.1109/MPS.2019.8759666. 

[3] G. W. Hart, "Nonintrusive appliance load monitoring," in Proceedings 
of the IEEE, vol. 80, no. 12, pp. 1870-1891, Dec. 1992, doi:
10.1109/5.192069. 

[4] A. Ridi, C. Gisler and J. Hennebert, "A Survey on Intrusive Load
Monitoring for Appliance Recognition," 2014 22nd International
Conference on Pattern Recognition, Stockholm, 2014, pp. 3702-3707,
doi: 10.1109/ICPR.2014.636. 

[5] T. Bernard and N. Fuhr, “Non-Intrusive Load Monitoring (NILM)
combining multiple distinct electrical features and unsupervised
machine learning techniques,” thesis, University of Duisburg-Essen,
Duisburg, 2018.

[6] S. N. Patel, T. Robertson, J. A. Kientz, M. S. Reynolds, and G. D.
Abowd, “At the Flick of a Switch: Detecting and Classifying Unique
Electrical Events on the Residential Power Line (Nominated for the
Best Paper Award),” UbiComp 2007: Ubiquitous Computing Lecture
Notes in Computer Scence, pp. 271–288.

[7] J. Froehlich, E. Larson, S. Gupta, G. Cohn, M. Reynolds, and S. Patel,
“Disaggregated End-Use Energy Sensing for the Smart Grid,” IEEE 
Pervasive Computing, vol. 10, no. 1, pp. 28–39, 2011.

[8] A. K. Jain, S. S. Ahmed, P. Sundaramoorthy, R. Thiruvengadam and
V. Vijayaraghavan, "Current peak based device classification in NILM
on a low-cost embedded platform using extra-trees," 2017 IEEE MIT
Undergraduate Research Technology Conference (URTC), Cambridge,
MA, 2017, pp. 1-4, doi: 10.1109/URTC.2017.8284200. 

[9] Paveen, “Superimposed current profiles,” Kaggle, 18-Jun-2020.
[Online].Available:https://www.kaggle.com/paveenperera/superimpose
d-current-profiles. [Accessed: 18-Jun-2020].

[10] P. Szymański and T. Kajdanowicz, “A scikit-based Python
environment for performing multi-label classification,” Journal of
Machine Learning Research 1(2016), vol. 20, Feb. 2017. 

[11] T. Fawcett, “An introduction to ROC analysis,” Pattern Recognition
Letters, vol. 27, no. 8, pp. 861–874, 2006. Available:
10.1016/j.patrec.2005.10.010.

[12] S. Godbole and S. Sarawagi, “Discriminative Methods for Multi-
labeled Classification,” In Proceedings of the 8th Pacific-Asia
Conference on Knowledge Discovery and Data Mining (PAKDD
2004), pp. 22–30, 2004.

[13] M. S. Sorower, “A literature survey on algorithms for multi-label
learning,” Oregon State University, Corvallis, vol. 18, pp. 1–25, Dec.
2010. 

[14] Y. Yang, “An Evaluation of Statistical Approaches to Text
Categorization,” Information Retrieval 1, no. 1999, pp. 69–90, Apr.
1999. 

[15] L. Tang, S. Rajan, and V. K. Narayanan, “Large scale multi-label
classification via metalabeler,” Proceedings of the 18th international
conference on World wide web, pp. 211–220, Jan. 2009. 

Type 

Training combinations 
manually 

Proposed method 

Frequency 
domain 

Time 
Domain 

Frequency 
domain 

Time 
Domain 

Oscilloscope data 98.38% 97.58% 91.53% 86.37% 

Device data  97.93% 94.70% 75.47% 70.39% 

Moratuwa Engineering Research Conference (MERCon) 2020 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AbadiMT-CondensedLight
    /ACaslon-Italic
    /ACaslon-Regular
    /ACaslon-Semibold
    /ACaslon-SemiboldItalic
    /AdobeArabic-Bold
    /AdobeArabic-BoldItalic
    /AdobeArabic-Italic
    /AdobeArabic-Regular
    /AdobeHebrew-Bold
    /AdobeHebrew-BoldItalic
    /AdobeHebrew-Italic
    /AdobeHebrew-Regular
    /AdobeHeitiStd-Regular
    /AdobeMingStd-Light
    /AdobeMyungjoStd-Medium
    /AdobePiStd
    /AdobeSongStd-Light
    /AdobeThai-Bold
    /AdobeThai-BoldItalic
    /AdobeThai-Italic
    /AdobeThai-Regular
    /AGaramond-Bold
    /AGaramond-BoldItalic
    /AGaramond-Italic
    /AGaramond-Regular
    /AGaramond-Semibold
    /AGaramond-SemiboldItalic
    /AgencyFB-Bold
    /AgencyFB-Reg
    /AGOldFace-Outline
    /AharoniBold
    /Algerian
    /Americana
    /Americana-ExtraBold
    /AndaleMono
    /AndaleMonoIPA
    /AngsanaNew
    /AngsanaNew-Bold
    /AngsanaNew-BoldItalic
    /AngsanaNew-Italic
    /AngsanaUPC
    /AngsanaUPC-Bold
    /AngsanaUPC-BoldItalic
    /AngsanaUPC-Italic
    /Anna
    /ArialAlternative
    /ArialAlternativeSymbol
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMT-Black
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeMS
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /AvantGarde-Book
    /AvantGarde-BookOblique
    /AvantGarde-Demi
    /AvantGarde-DemiOblique
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /BakerSignet
    /BankGothicBT-Medium
    /Barmeno-Bold
    /Barmeno-ExtraBold
    /Barmeno-Medium
    /Barmeno-Regular
    /Baskerville
    /BaskervilleBE-Italic
    /BaskervilleBE-Medium
    /BaskervilleBE-MediumItalic
    /BaskervilleBE-Regular
    /Baskerville-Bold
    /Baskerville-BoldItalic
    /Baskerville-Italic
    /BaskOldFace
    /Batang
    /BatangChe
    /Bauhaus93
    /Bellevue
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlingAntiqua-Bold
    /BerlingAntiqua-BoldItalic
    /BerlingAntiqua-Italic
    /BerlingAntiqua-Roman
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /BiffoMT
    /BinnerD
    /BinnerGothic
    /BlackadderITC-Regular
    /Blackoak
    /blex
    /blsy
    /Bodoni
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /Bodoni-Italic
    /BodoniMT
    /BodoniMTBlack
    /BodoniMTBlack-Italic
    /BodoniMT-Bold
    /BodoniMT-BoldItalic
    /BodoniMTCondensed
    /BodoniMTCondensed-Bold
    /BodoniMTCondensed-BoldItalic
    /BodoniMTCondensed-Italic
    /BodoniMT-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Poster
    /Bodoni-PosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /Bookman-Demi
    /Bookman-DemiItalic
    /Bookman-Light
    /Bookman-LightItalic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolSeven
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /Botanical
    /Boton-Italic
    /Boton-Medium
    /Boton-MediumItalic
    /Boton-Regular
    /Boulevard
    /BradleyHandITC
    /Braggadocio
    /BritannicBold
    /Broadway
    /BrowalliaNew
    /BrowalliaNew-Bold
    /BrowalliaNew-BoldItalic
    /BrowalliaNew-Italic
    /BrowalliaUPC
    /BrowalliaUPC-Bold
    /BrowalliaUPC-BoldItalic
    /BrowalliaUPC-Italic
    /BrushScript
    /BrushScriptMT
    /CaflischScript-Bold
    /CaflischScript-Regular
    /Calibri
    /Calibri-Bold
    /Calibri-BoldItalic
    /Calibri-Italic
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-BoldItalic
    /CalistoMT-Italic
    /Cambria
    /Cambria-Bold
    /Cambria-BoldItalic
    /Cambria-Italic
    /CambriaMath
    /Candara
    /Candara-Bold
    /Candara-BoldItalic
    /Candara-Italic
    /Carta
    /CaslonOpenfaceBT-Regular
    /Castellar
    /CastellarMT
    /Centaur
    /Centaur-Italic
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchL-Bold
    /CenturySchL-BoldItal
    /CenturySchL-Ital
    /CenturySchL-Roma
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /CharterBT-Bold
    /CharterBT-BoldItalic
    /CharterBT-Italic
    /CharterBT-Roman
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /Chiller-Regular
    /Cmb10
    /CMB10
    /Cmbsy10
    /CMBSY10
    /CMBSY5
    /CMBSY6
    /CMBSY7
    /CMBSY8
    /CMBSY9
    /Cmbx10
    /CMBX10
    /Cmbx12
    /CMBX12
    /Cmbx5
    /CMBX5
    /Cmbx6
    /CMBX6
    /Cmbx7
    /CMBX7
    /Cmbx8
    /CMBX8
    /Cmbx9
    /CMBX9
    /Cmbxsl10
    /CMBXSL10
    /Cmbxti10
    /CMBXTI10
    /Cmcsc10
    /CMCSC10
    /Cmcsc8
    /CMCSC8
    /Cmcsc9
    /CMCSC9
    /Cmdunh10
    /CMDUNH10
    /Cmex10
    /CMEX10
    /CMEX7
    /CMEX8
    /CMEX9
    /Cmff10
    /CMFF10
    /Cmfi10
    /CMFI10
    /Cmfib8
    /CMFIB8
    /Cminch
    /CMINCH
    /Cmitt10
    /CMITT10
    /Cmmi10
    /CMMI10
    /Cmmi12
    /CMMI12
    /Cmmi5
    /CMMI5
    /Cmmi6
    /CMMI6
    /Cmmi7
    /CMMI7
    /Cmmi8
    /CMMI8
    /Cmmi9
    /CMMI9
    /Cmmib10
    /CMMIB10
    /CMMIB5
    /CMMIB6
    /CMMIB7
    /CMMIB8
    /CMMIB9
    /Cmr10
    /CMR10
    /Cmr12
    /CMR12
    /Cmr17
    /CMR17
    /Cmr5
    /CMR5
    /Cmr6
    /CMR6
    /Cmr7
    /CMR7
    /Cmr8
    /CMR8
    /Cmr9
    /CMR9
    /Cmsl10
    /CMSL10
    /Cmsl12
    /CMSL12
    /Cmsl8
    /CMSL8
    /Cmsl9
    /CMSL9
    /Cmsltt10
    /CMSLTT10
    /Cmss10
    /CMSS10
    /Cmss12
    /CMSS12
    /Cmss17
    /CMSS17
    /Cmss8
    /CMSS8
    /Cmss9
    /CMSS9
    /Cmssbx10
    /CMSSBX10
    /Cmssdc10
    /CMSSDC10
    /Cmssi10
    /CMSSI10
    /Cmssi12
    /CMSSI12
    /Cmssi17
    /CMSSI17
    /Cmssi8
    /CMSSI8
    /Cmssi9
    /CMSSI9
    /Cmssq8
    /CMSSQ8
    /Cmssqi8
    /CMSSQI8
    /Cmsy10
    /CMSY10
    /Cmsy5
    /CMSY5
    /Cmsy6
    /CMSY6
    /Cmsy7
    /CMSY7
    /Cmsy8
    /CMSY8
    /Cmsy9
    /CMSY9
    /Cmtcsc10
    /CMTCSC10
    /Cmtex10
    /CMTEX10
    /Cmtex8
    /CMTEX8
    /Cmtex9
    /CMTEX9
    /Cmti10
    /CMTI10
    /Cmti12
    /CMTI12
    /Cmti7
    /CMTI7
    /Cmti8
    /CMTI8
    /Cmti9
    /CMTI9
    /Cmtt10
    /CMTT10
    /Cmtt12
    /CMTT12
    /Cmtt8
    /CMTT8
    /Cmtt9
    /CMTT9
    /Cmu10
    /CMU10
    /Cmvtt10
    /CMVTT10
    /ColonnaMT
    /Colossalis-Bold
    /ComicSansMS
    /ComicSansMS-Bold
    /Consolas
    /Consolas-Bold
    /Consolas-BoldItalic
    /Consolas-Italic
    /Constantia
    /Constantia-Bold
    /Constantia-BoldItalic
    /Constantia-Italic
    /CooperBlack
    /CopperplateGothic-Bold
    /CopperplateGothic-Light
    /Copperplate-ThirtyThreeBC
    /Corbel
    /Corbel-Bold
    /Corbel-BoldItalic
    /Corbel-Italic
    /CordiaNew
    /CordiaNew-Bold
    /CordiaNew-BoldItalic
    /CordiaNew-Italic
    /CordiaUPC
    /CordiaUPC-Bold
    /CordiaUPC-BoldItalic
    /CordiaUPC-Italic
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /Courier-Oblique
    /CourierStd
    /CourierStd-Bold
    /CourierStd-BoldOblique
    /CourierStd-Oblique
    /CourierX-Bold
    /CourierX-BoldOblique
    /CourierX-Oblique
    /CourierX-Regular
    /CreepyRegular
    /CurlzMT
    /David-Bold
    /David-Reg
    /DavidTransparent
    /Dcb10
    /Dcbx10
    /Dcbxsl10
    /Dcbxti10
    /Dccsc10
    /Dcitt10
    /Dcr10
    /Desdemona
    /DilleniaUPC
    /DilleniaUPCBold
    /DilleniaUPCBoldItalic
    /DilleniaUPCItalic
    /Dingbats
    /DomCasual
    /Dotum
    /DotumChe
    /DoulosSIL
    /EdwardianScriptITC
    /Elephant-Italic
    /Elephant-Regular
    /EngraversGothicBT-Regular
    /EngraversMT
    /EraserDust
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErieBlackPSMT
    /ErieLightPSMT
    /EriePSMT
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EucrosiaUPC
    /EucrosiaUPCBold
    /EucrosiaUPCBoldItalic
    /EucrosiaUPCItalic
    /EUEX10
    /EUEX7
    /EUEX8
    /EUEX9
    /EUFB10
    /EUFB5
    /EUFB7
    /EUFM10
    /EUFM5
    /EUFM7
    /EURB10
    /EURB5
    /EURB7
    /EURM10
    /EURM5
    /EURM7
    /EuroMono-Bold
    /EuroMono-BoldItalic
    /EuroMono-Italic
    /EuroMono-Regular
    /EuroSans-Bold
    /EuroSans-BoldItalic
    /EuroSans-Italic
    /EuroSans-Regular
    /EuroSerif-Bold
    /EuroSerif-BoldItalic
    /EuroSerif-Italic
    /EuroSerif-Regular
    /EUSB10
    /EUSB5
    /EUSB7
    /EUSM10
    /EUSM5
    /EUSM7
    /FelixTitlingMT
    /Fences
    /FencesPlain
    /FigaroMT
    /FixedMiriamTransparent
    /FootlightMTLight
    /Formata-Italic
    /Formata-Medium
    /Formata-MediumItalic
    /Formata-Regular
    /ForteMT
    /FranklinGothic-Book
    /FranklinGothic-BookItalic
    /FranklinGothic-Demi
    /FranklinGothic-DemiCond
    /FranklinGothic-DemiItalic
    /FranklinGothic-Heavy
    /FranklinGothic-HeavyItalic
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /FrankRuehl
    /FreesiaUPC
    /FreesiaUPCBold
    /FreesiaUPCBoldItalic
    /FreesiaUPCItalic
    /FreestyleScript-Regular
    /FrenchScriptMT
    /Frutiger-Black
    /Frutiger-BlackCn
    /Frutiger-BlackItalic
    /Frutiger-Bold
    /Frutiger-BoldCn
    /Frutiger-BoldItalic
    /Frutiger-Cn
    /Frutiger-ExtraBlackCn
    /Frutiger-Italic
    /Frutiger-Light
    /Frutiger-LightCn
    /Frutiger-LightItalic
    /Frutiger-Roman
    /Frutiger-UltraBlack
    /Futura-Bold
    /Futura-BoldOblique
    /Futura-Book
    /Futura-BookOblique
    /FuturaBT-Bold
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-Medium
    /FuturaBT-MediumItalic
    /Futura-Light
    /Futura-LightOblique
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-BoldCondensed
    /Garamond-BoldCondensedItalic
    /Garamond-BoldItalic
    /Garamond-BookCondensed
    /Garamond-BookCondensedItalic
    /Garamond-Italic
    /Garamond-LightCondensed
    /Garamond-LightCondensedItalic
    /Gautami
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GeorgiaRef
    /Giddyup
    /Giddyup-Thangs
    /Gigi-Regular
    /GillSans
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSans-Condensed
    /GillSans-CondensedBold
    /GillSans-Italic
    /GillSans-Light
    /GillSans-LightItalic
    /GillSansMT
    /GillSansMT-Bold
    /GillSansMT-BoldItalic
    /GillSansMT-Condensed
    /GillSansMT-ExtraCondensedBold
    /GillSansMT-Italic
    /GillSans-UltraBold
    /GillSans-UltraBoldCondensed
    /GloucesterMT-ExtraCondensed
    /Gothic-Thirteen
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleT-Bold
    /GoudyOldStyleT-Italic
    /GoudyOldStyleT-Regular
    /GoudyStout
    /GoudyTextMT-LombardicCapitals
    /GSIDefaultSymbols
    /Gulim
    /GulimChe
    /Gungsuh
    /GungsuhChe
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /Helvetica
    /Helvetica-Black
    /Helvetica-BlackOblique
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Condensed
    /Helvetica-Condensed-Black
    /Helvetica-Condensed-BlackObl
    /Helvetica-Condensed-Bold
    /Helvetica-Condensed-BoldObl
    /Helvetica-Condensed-Light
    /Helvetica-Condensed-LightObl
    /Helvetica-Condensed-Oblique
    /Helvetica-Fraction
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Humanist521BT-BoldCondensed
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-RomanCondensed
    /Imago-ExtraBold
    /Impact
    /ImprintMT-Shadow
    /InformalRoman-Regular
    /IrisUPC
    /IrisUPCBold
    /IrisUPCBoldItalic
    /IrisUPCItalic
    /Ironwood
    /ItcEras-Medium
    /ItcKabel-Bold
    /ItcKabel-Book
    /ItcKabel-Demi
    /ItcKabel-Medium
    /ItcKabel-Ultra
    /JasmineUPC
    /JasmineUPC-Bold
    /JasmineUPC-BoldItalic
    /JasmineUPC-Italic
    /JoannaMT
    /JoannaMT-Italic
    /Jokerman-Regular
    /JuiceITC-Regular
    /Kartika
    /Kaufmann
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KidTYPEPaint
    /KinoMT
    /KodchiangUPC
    /KodchiangUPC-Bold
    /KodchiangUPC-BoldItalic
    /KodchiangUPC-Italic
    /KorinnaITCbyBT-Regular
    /KristenITC-Regular
    /KrutiDev040Bold
    /KrutiDev040BoldItalic
    /KrutiDev040Condensed
    /KrutiDev040Italic
    /KrutiDev040Thin
    /KrutiDev040Wide
    /KrutiDev060
    /KrutiDev060Bold
    /KrutiDev060BoldItalic
    /KrutiDev060Condensed
    /KrutiDev060Italic
    /KrutiDev060Thin
    /KrutiDev060Wide
    /KrutiDev070
    /KrutiDev070Condensed
    /KrutiDev070Italic
    /KrutiDev070Thin
    /KrutiDev070Wide
    /KrutiDev080
    /KrutiDev080Condensed
    /KrutiDev080Italic
    /KrutiDev080Wide
    /KrutiDev090
    /KrutiDev090Bold
    /KrutiDev090BoldItalic
    /KrutiDev090Condensed
    /KrutiDev090Italic
    /KrutiDev090Thin
    /KrutiDev090Wide
    /KrutiDev100
    /KrutiDev100Bold
    /KrutiDev100BoldItalic
    /KrutiDev100Condensed
    /KrutiDev100Italic
    /KrutiDev100Thin
    /KrutiDev100Wide
    /KrutiDev120
    /KrutiDev120Condensed
    /KrutiDev120Thin
    /KrutiDev120Wide
    /KrutiDev130
    /KrutiDev130Condensed
    /KrutiDev130Thin
    /KrutiDev130Wide
    /KunstlerScript
    /Latha
    /LatinWide
    /LetterGothic
    /LetterGothic-Bold
    /LetterGothic-BoldOblique
    /LetterGothic-BoldSlanted
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Slanted
    /LevenimMT
    /LevenimMTBold
    /LilyUPC
    /LilyUPCBold
    /LilyUPCBoldItalic
    /LilyUPCItalic
    /Lithos-Black
    /Lithos-Regular
    /LotusWPBox-Roman
    /LotusWPIcon-Roman
    /LotusWPIntA-Roman
    /LotusWPIntB-Roman
    /LotusWPType-Roman
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSans-TypewriterBoldOblique
    /LucidaSans-TypewriterOblique
    /LucidaSansUnicode
    /Lydian
    /Magneto-Bold
    /MaiandraGD-Regular
    /Mangal-Regular
    /Map-Symbols
    /MathA
    /MathB
    /MathC
    /Mathematica1
    /Mathematica1-Bold
    /Mathematica1Mono
    /Mathematica1Mono-Bold
    /Mathematica2
    /Mathematica2-Bold
    /Mathematica2Mono
    /Mathematica2Mono-Bold
    /Mathematica3
    /Mathematica3-Bold
    /Mathematica3Mono
    /Mathematica3Mono-Bold
    /Mathematica4
    /Mathematica4-Bold
    /Mathematica4Mono
    /Mathematica4Mono-Bold
    /Mathematica5
    /Mathematica5-Bold
    /Mathematica5Mono
    /Mathematica5Mono-Bold
    /Mathematica6
    /Mathematica6Bold
    /Mathematica6Mono
    /Mathematica6MonoBold
    /Mathematica7
    /Mathematica7Bold
    /Mathematica7Mono
    /Mathematica7MonoBold
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /Mesquite
    /Mezz-Black
    /Mezz-Regular
    /MICR
    /MicrosoftSansSerif
    /MingLiU
    /Minion-BoldCondensed
    /Minion-BoldCondensedItalic
    /Minion-Condensed
    /Minion-CondensedItalic
    /Minion-Ornaments
    /MinionPro-Bold
    /MinionPro-BoldIt
    /MinionPro-It
    /MinionPro-Regular
    /Miriam
    /MiriamFixed
    /MiriamTransparent
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MonotypeSorts
    /MSAM10
    /MSAM5
    /MSAM6
    /MSAM7
    /MSAM8
    /MSAM9
    /MSBM10
    /MSBM5
    /MSBM6
    /MSBM7
    /MSBM8
    /MSBM9
    /MS-Gothic
    /MSHei
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MS-PGothic
    /MS-PMincho
    /MSReference1
    /MSReference2
    /MSReferenceSansSerif
    /MSReferenceSansSerif-Bold
    /MSReferenceSansSerif-BoldItalic
    /MSReferenceSansSerif-Italic
    /MSReferenceSerif
    /MSReferenceSerif-Bold
    /MSReferenceSerif-BoldItalic
    /MSReferenceSerif-Italic
    /MSReferenceSpecialty
    /MSSong
    /MS-UIGothic
    /MT-Extra
    /MTExtraTiger
    /MT-Symbol
    /MT-Symbol-Italic
    /MVBoli
    /Myriad-Bold
    /Myriad-BoldItalic
    /Myriad-Italic
    /Myriad-Roman
    /Narkisim
    /NewCenturySchlbk-Bold
    /NewCenturySchlbk-BoldItalic
    /NewCenturySchlbk-Italic
    /NewCenturySchlbk-Roman
    /NewMilleniumSchlbk-BoldItalicSH
    /NewsGothic
    /NewsGothic-Bold
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Italic
    /NewsGothicBT-Roman
    /NewsGothic-Condensed
    /NewsGothic-Italic
    /NewsGothicMT
    /NewsGothicMT-Bold
    /NewsGothicMT-Italic
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NimbusMonL-Bold
    /NimbusMonL-BoldObli
    /NimbusMonL-Regu
    /NimbusMonL-ReguObli
    /NimbusRomNo9L-Medi
    /NimbusRomNo9L-MediItal
    /NimbusRomNo9L-Regu
    /NimbusRomNo9L-ReguItal
    /NimbusSanL-Bold
    /NimbusSanL-BoldCond
    /NimbusSanL-BoldCondItal
    /NimbusSanL-BoldItal
    /NimbusSanL-Regu
    /NimbusSanL-ReguCond
    /NimbusSanL-ReguCondItal
    /NimbusSanL-ReguItal
    /Nimrod
    /Nimrod-Bold
    /Nimrod-BoldItalic
    /Nimrod-Italic
    /NSimSun
    /Nueva-BoldExtended
    /Nueva-BoldExtendedItalic
    /Nueva-Italic
    /Nueva-Roman
    /NuptialScript
    /OCRA
    /OCRA-Alternate
    /OCRAExtended
    /OCRB
    /OCRB-Alternate
    /OfficinaSans-Bold
    /OfficinaSans-BoldItalic
    /OfficinaSans-Book
    /OfficinaSans-BookItalic
    /OfficinaSerif-Bold
    /OfficinaSerif-BoldItalic
    /OfficinaSerif-Book
    /OfficinaSerif-BookItalic
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OzHandicraftBT-Roman
    /PalaceScriptMT
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /PapyrusPlain
    /Papyrus-Regular
    /Parchment-Regular
    /Parisian
    /ParkAvenue
    /Penumbra-SemiboldFlare
    /Penumbra-SemiboldSans
    /Penumbra-SemiboldSerif
    /PepitaMT
    /Perpetua
    /Perpetua-Bold
    /Perpetua-BoldItalic
    /Perpetua-Italic
    /PerpetuaTitlingMT-Bold
    /PerpetuaTitlingMT-Light
    /PhotinaCasualBlack
    /Playbill
    /PMingLiU
    /Poetica-SuppOrnaments
    /PoorRichard-Regular
    /PopplLaudatio-Italic
    /PopplLaudatio-Medium
    /PopplLaudatio-MediumItalic
    /PopplLaudatio-Regular
    /PrestigeElite
    /Pristina-Regular
    /PTBarnumBT-Regular
    /Raavi
    /RageItalic
    /Ravie
    /RefSpecialty
    /Ribbon131BT-Bold
    /Rockwell
    /Rockwell-Bold
    /Rockwell-BoldItalic
    /Rockwell-Condensed
    /Rockwell-CondensedBold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /Rockwell-Light
    /Rockwell-LightItalic
    /Rod
    /RodTransparent
    /RunicMT-Condensed
    /Sanvito-Light
    /Sanvito-Roman
    /ScriptC
    /ScriptMTBold
    /SegoeUI
    /SegoeUI-Bold
    /SegoeUI-BoldItalic
    /SegoeUI-Italic
    /Serpentine-BoldOblique
    /ShelleyVolanteBT-Regular
    /ShowcardGothic-Reg
    /Shruti
    /SILDoulosIPA
    /SimHei
    /SimSun
    /SimSun-PUA
    /SnapITC-Regular
    /StandardSymL
    /Stencil
    /StoneSans
    /StoneSans-Bold
    /StoneSans-BoldItalic
    /StoneSans-Italic
    /StoneSans-Semibold
    /StoneSans-SemiboldItalic
    /Stop
    /Swiss721BT-BlackExtended
    /Sylfaen
    /Symbol
    /SymbolMT
    /SymbolTiger
    /SymbolTigerExpert
    /Tahoma
    /Tahoma-Bold
    /Tci1
    /Tci1Bold
    /Tci1BoldItalic
    /Tci1Italic
    /Tci2
    /Tci2Bold
    /Tci2BoldItalic
    /Tci2Italic
    /Tci3
    /Tci3Bold
    /Tci3BoldItalic
    /Tci3Italic
    /Tci4
    /Tci4Bold
    /Tci4BoldItalic
    /Tci4Italic
    /TechnicalItalic
    /TechnicalPlain
    /Tekton
    /Tekton-Bold
    /TektonMM
    /Tempo-HeavyCondensed
    /Tempo-HeavyCondensedItalic
    /TempusSansITC
    /Tiger
    /TigerExpert
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldItalicOsF
    /Times-BoldSC
    /Times-ExtraBold
    /Times-Italic
    /Times-ItalicOsF
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Times-RomanSC
    /Trajan-Bold
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /TwCenMT-Bold
    /TwCenMT-BoldItalic
    /TwCenMT-Condensed
    /TwCenMT-CondensedBold
    /TwCenMT-CondensedExtraBold
    /TwCenMT-CondensedMedium
    /TwCenMT-Italic
    /TwCenMT-Regular
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-Medium
    /Univers-MediumItalic
    /URWBookmanL-DemiBold
    /URWBookmanL-DemiBoldItal
    /URWBookmanL-Ligh
    /URWBookmanL-LighItal
    /URWChanceryL-MediItal
    /URWGothicL-Book
    /URWGothicL-BookObli
    /URWGothicL-Demi
    /URWGothicL-DemiObli
    /URWPalladioL-Bold
    /URWPalladioL-BoldItal
    /URWPalladioL-Ital
    /URWPalladioL-Roma
    /USPSBarCode
    /VAGRounded-Black
    /VAGRounded-Bold
    /VAGRounded-Light
    /VAGRounded-Thin
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VerdanaRef
    /VinerHandITC
    /Viva-BoldExtraExtended
    /Vivaldii
    /Viva-LightCondensed
    /Viva-Regular
    /VladimirScript
    /Vrinda
    /Webdings
    /Westminster
    /Willow
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WNCYB10
    /WNCYI10
    /WNCYR10
    /WNCYSC10
    /WNCYSS10
    /WoodtypeOrnaments-One
    /WoodtypeOrnaments-Two
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /XYATIP10
    /XYBSQL10
    /XYBTIP10
    /XYCIRC10
    /XYCMAT10
    /XYCMBT10
    /XYDASH10
    /XYEUAT10
    /XYEUBT10
    /ZapfChancery-MediumItalic
    /ZapfDingbats
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Demi
    /ZapfHumanist601BT-DemiItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.00333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata pogodnih za pouzdani prikaz i ispis poslovnih dokumenata koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /ENU (Use these settings to create Adobe PDF documents suitable for reliable viewing and printing of business documents.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


